Ants-Inspired Computing : Dynamics of
Complex System
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. Preblem solving in Ants swarm
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. Emergent problem solving mechanism
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. Characteristics of Complex System
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. Example ofi a Simple Dynamic System




. Algorithm of Langton’s Ant
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. Simulation of Langton’s Ant

Single Ant Multiple Ants




. Collective Behavior in Ants swarm
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. Foraging Behavior in Ants swarm
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. Characteristics off Ants foraging

Positive Feedback :
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. Formalization of Ants foraging
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. Simulation of Ants foraging




. Ants foraging for TSP Optimization
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. Self-Organizing Gathering(SOG)




. Principe of SOG
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. Formalization of SOG
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. Simulation of SOG
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. Spatial Entropy Measurement of SOG
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. Spatial Entropy Measurement of SOG
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Optimization as problem solving




. Individual/Soecial Behavior Adaptation
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. Particle Swarm Optimization
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. Soclal Behavior for Optimization
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