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Inhibitory /
(inhibit firing)

* actually firing
rate

- McCulloch-Pitts#e & = -7

T : Threshold

E : Sum of activated
excitory inputs

| : Sum of activated
Inhibitory Inputs

ﬁ
E=T I-=1{) Firing (1)
E=T I1>0 Not firing (0)

E<T [I=40 Not firing (0)
E<T [ =0 Not firing (0)
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Characteristics Von Neumann Artificial Neural
Architecture Used for Networks
Expert Systems
Processors VLSI (traditional Artificial Neural
processors) Networks; variety of
technologies; hardware
development is on
going

Memory

Processing Approach Processes problem one | Multiple,
rule at a time; simultaneously
sequential

Connections Externally Dynamically self
programmable programming

Self learning Only algorithmic Continuously adaptable
parameters modified

Fault tolerance None without special Significant in the very
Processors nature of the
interconnected neurons

Use of Neurobiology in Moderate
design

Programming Through a rule based Self-programming; but
shell; complicated network must be
properly set up
Ability to be fast Requires big processors | Requires multiple
custom-built chips
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Airplane partially
occluded by clouds

Associative
memory




Load torgue

Controiler




Data Mining
Algorithm
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Edge feature

Neighboring pixel
gray value

Interpolative location

Particle Swarm
Optimization

PEE
Fitness
Function

Single Neuron
Perceptron

Smoothing/Sharpness
Adaptation

Interpolated value
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{a)The servo motor and adjustable lens.
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